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Stefan Schweinfest
Director
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United Nations - Video
https://www.youtube.com/watch?v=aCYBsJH18Xc

https://www.youtube.com/watch?v=aCYBsJH18Xc
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UN Pact for the Future and the Digital 
Transformation of Economic Statistics
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Summit of the Future

❑UN Pact for the Future – overview 

❑Global Digital Compact

• Digital Connectivity  

• Digital Economy 

• Safe Digital Space 

• Data Governance 

• AI Governance 

Digital Transformation and the UN Statistical Commission  
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Global Digital Compact

The goal is an inclusive, open, 
sustainable, fair, safe and secure 

digital future for all. 

This Global Digital Compact sets 
out the principles, objectives, 
commitments and actions to 

achieve it.



Global Digital 
Compact: 

Objectives

✓ Close all digital divides and accelerate 
progress across the Sustainable Development 
Goals; 

✓ Expand inclusion in and benefits from the 
digital economy for all; 

✓ Foster an inclusive, open, safe and secure 
digital space that respects, protects and 
promote human rights; 

✓ Advance responsible, equitable and 
interoperable data governance approaches; 

✓ Enhance international governance of artificial 
intelligence for the benefit of humanity. 



GDC Objective 1: 
Digital connectivity

We commit, by 2030, to:
(a) Develop and strengthen targets, indicators and 
metrics for universal meaningful and affordable 
connectivity, building on existing work, and 
integrate these into international, regional and 
national development strategies (SDG 9);
(b) Develop innovative and blended financing 
mechanisms and incentives, including in 
collaboration with Governments, multilateral 
development banks, relevant international 
organizations and the private sector, to connect 
the remaining 2.6 billion people to the Internet 
and to improve the quality and affordability of 
connectivity. We will aim for entry-level 
broadband subscription costs that are accessible 
to the widest section of the population (SDGs 1 
and 9);



PRIORITY ISSUES – G20 Brazil Presidency

1. DIGITAL INCLUSION, UNIVERSAL AND MEANINGFUL CONNECTIVITY
Despite the growing access to digital connectivity, a significant proportion of the world population 
remains unconnected. Even among many G20 members, the challenge of connecting 
populations living in rural and remote areas remains very much relevant, as well as providing 
digital skills to a part of the population that is not online, despite living in areas where Internet 
access is available.

2. DIGITAL GOVERNMENT: BUILDING A TRUSTWORTHY AND INCLUSIVE DIGITAL PUBLIC 
INFRASTRUCTURE

In the past decade, especially during and immediately after the COVID-19 pandemic, numerous 
national and subnational governments have devoted efforts to adapt the delivery of public 
services to the new needs and expectations of societies increasingly influenced by the 
advancement of new digital technologies. Enhancing the government’s relationship with its 
citizens, providing high-quality public services, and leveraging the opportunities of the 
digital economy, in turn, require a smart public administration and a  secure, reliable, and 
inclusive Digital Public Infrastructure (DPI).



GDC Objective 2: 
Digital Economy 

We commit by, 2030, to:

(a) Foster an open, fair, inclusive and non-discriminatory digital 
environment for all that enables micro-, small and medium-
sized enterprises to access and compete in the digital economy 
(SDG 9);

(b) Support international, regional and national efforts to 
develop enabling environments for digital transformation, 
including predictable and transparent policy, legal and 
regulatory frameworks, and sharing of best practices (SDGs 10 
and 16);

(c) Conduct national and regional assessments to inform actions 
to address gaps and needs in digital transformation and 
strengthen the collection and use of data to inform decision-
making (all SDGs);



Digital intermediary platforms

• Sales through online platforms are 
booming

• The platform landscape is dominated by a 
small number of platforms

• 6 platforms facilitate over $100bn of 
transactions in 2021 

• Together they account for 80% of the total 
transaction value

• 4 out of these 6 are Chinese

• It is crucial to obtain high quality 
information from these DIPs

• Please note that 3 out of the 3 Chinese DIPs 
did not publish their transaction value for 
2022

Source: UNCTAD (2024) “Business e-commerce sales and the role of 
online platforms”; based on published reports by platform operators.
Notes: Values as reported in company annual reports or official 
filings. Reporting periods vary. * for Alibaba, Pinduoduo, Meituan, and 
B2B/Americanas figures for 2022 are unavailable. Their 2021 figures 
are used when calculating the total; the true total for 2022 could be 
higher or lower. For more information, see source.





Industries (‘who’)

Additional 
columns to 
represent 
the new 
digital 
industries:

The digitally enabling industry (e.g., Samsung)

DIPs charging a fee (e.g., Amazon; Uber, Lyft)

Data- and advertising-driven digital platforms (e.g., Google, Instagram)

Producers dependent on DIPs

E-tailers

Financial service providers predominantly operating digitally

Other producers only operating digitally (e.g., Netflix, YouTube)



Example: Canada - Industries

Statistics Canada updated and 
published their estimates in 2023:
• Covers the period from 2017 to 

2020

• Contribution of digital industries/ 
economy to GDP trended up from 
5.2 % to 5.9 % in 2020 

• ICT sector dominates, especially 
software and telecommunications 
production, followed by e-
commerce

https://www150.statcan.gc.ca/n1/daily-
quotidien/230725/dq230725a-eng.htm



GDC Objective 4: 
Data governance  

We commit, by 2030, to:

▪ Draw on existing international and regional guidelines 
on the protection of privacy in the development of 
data governance frameworks (all SDGs);

▪ Strengthen support to all countries to develop 
effective and interoperable national data 
governance frameworks (all SDGs);

▪ We will continue discussions in the United Nations, 
building on those outcomes and recognizing the 
ongoing work of other relevant bodies and 
stakeholders, including the United Nations Statistical 
Commission, in our efforts to pursue common 
understandings for data governance at all levels, as 
relevant for development (all SDGs).



Data Governance across systems: exploring 
strategies for official statistics

Data governance encompasses technical, policy, and regulatory frameworks to manage 
data along its value cycle — from creation to deletion — and across policy domains 
including health, research, public administration, and finance. 

It ranks as a top priority for governments aiming to maximize the benefits of data while 
addressing challenges such as privacy and intellectual property as well as competition 
and empowerment.

Evolving data 
governance 

frameworks in 
public sector

Data governance, data 
generation and use in the 

private sector 

Emerging strategies 
for data and 
statistics in 

national statistical 
systems

Possible strategies 
to bring data 

governance into the 
Statistical 

Commission



Data Governance Framework –  
Vision for data



GDC Objective 5: 
AI Governance  

We therefore commit to:

(a) Establish, within the United Nations, a 
multidisciplinary Independent International Scientific 
Panel on AI with balanced geographic representation to 
promote scientific understanding through evidence-based 
impact, risk and opportunity assessments, drawing on 
existing national, regional and international initiatives and 
research networks (SDG 17);

(b) Initiate, within the United Nations, a Global Dialogue 
on AI Governance involving Governments and all relevant 
stakeholders which will take place in the margins of 
existing relevant United Nations conferences and 
meetings (SDG 17).





Statistical Commission

Commission on Statistics and Data

❑ Data Governance
❑ Partnership on ICT
❑ UN Committee of Experts on Big Data 

and Data Science for Official Statistics





SCANNER 
DATA

REGIONAL HUB LAC,

BRAZIL
CEBD ADVISORY 

BOARD
SCIENTIFIC 

COMMITTEE

EARTH 
OBSERVATIONS

REGIONAL HUB A&P 
INDONESIA/UNESCAP

REGIONAL HUB AFRICA 
RWANDA/UNECA

UNGP 
COMMITTEE

UN GLOBAL 
PLATFORM

CEBD BUREAU

TASK TEAMS

MOBILE 
DATAAIS DATA

TRAINING, SKILLS & 
CAPACITY BUILDING

PRIVACY ENHANCING 
TECHNOLOGIES

DATA SCIENCE & SDG 
LOCALIZATION

ACCESS TO 
PRIVATELY-HELD 

DATA

REGIONAL HUB MENA,

 DUBAI, UAE

GLOBAL HUB ON ARIES FOR 
SEEA, BILBAO

DATA SCIENCE 
LEADERS NETWORK

GLOBAL HUB ON BIG DATA & 
DATA SCIENCE, HANGZHOU

UN Committee of Experts on Big Data and 
Data Science for Official Statistics



UN Committee of 
Experts on Big 
Data and Data 

Science for 
Official Statistics 

(10-year review in 
2024)

Revised Mandate 2025
• To promote practical use of AI, data science and the use 

of big data and other alternative data sources, while 
building on existing precedents and finding solutions for 
the many existing challenges.

• To promote strategic relationships with private sector, 
geospatial community, academia and other public sector 
institutes to ensure better access to data and responsible 
use of AI; and cultivate ongoing knowledge sharing for 
enhanced capability. 

• To promote data governance, AI governance, data 
stewardship and open data policies for better access and 
use of data.

• To promote and support the roles of the regional and 
global hubs for building capacity and for collaboration on 
the UN Global Platform [including the Regional Hub in 
Brazil]
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AI  Office - UAE

AI Pipelines from Data to Insights 



AI Pipelines from Data to 

Insights

Dr. Abdelrahman AlMahmoud



• Recap

• Introduction

• Overview of AI Pipelines

Outline



Experiment 
with AI 
use-cases

Collect 
Good 
Quality 
Data

Build a Good 
Data 
Strategy

Low Maturity

Mature

High Maturity

Organization maturity to adopting AI



Data 
Strategy 

Framework
Collect and 

merge

Infrastructure

Governance 
framework

Prepare and 
package

Identify and 
define



Data to AI Pipelines



Abu Dhabi National Oil Company (ADNOC)



Overview

Preparation

Filter Fusion Label

Ingest

Test

Analytics Dashboards

Train

Domain 
Experts

Validate



First build a story that 

describes a very specific 

need for a user group

(focus on the need)



The need comes before the tools

Desired outcomeBetter tools
Current Capabilities 



Components 
of a use case 

story

Measurable

Well 
Defined

Based on 
studies 

and 
evidence

Impact 
driven



Overview

Preparation

Filter Fusion Label

Ingest

Testing and 
Evaluation

Outlier Dashboard

Training

Experts



Data as a service

• Data distribution strategy that 
emphasizes the utilization of data

• Shifts the focus from the 
utilization of data to creation of 
value

Data as an asset

Data Data

Data 
Team D

at
a 

Pa
ck

ag
in

g

Team A

Team B

Team C

Team D

Data 
Team

Team A

Team B

Team C

What is the end result?

How is the service 
provided?

Why not try this?



Overview

Preparation

Filter Fusion Label

Ingest

Outlier Dashboard Experts

Testing and 
Evaluation

Training



Data Fusion: the joint analysis of multiple inter-related datasets 

that provide complementary views of the same phenomenon



Overview

Preparation

Filter Fusion Label

Ingest

Outlier Dashboard Experts

Testing and 
Evaluation

Training



MonitoringDeploymentTesting 

and 

Validation

Training

ML Pipeline



AI Pipelines from Data to 

Insights

Dr. Abdelrahman AlMahmoud

First Annual Seminar
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GROUP  PICTURE
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COFFEE  BREAK
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Innovation Work in the Data Science 
Campus
Data Science and AI



Innovation work in the 
Data Science Campus: 
Data Science and AI

Osama Rahman

Director, Data Science Campus, ONS

20 January 2025



Creating the ONS of the 
Future



The Three Pillars



Recent applications



Financial Transactions data
• ONS and Visa are in a partnership to develop anonymised and 

aggregated card spending big data into new economic data and 

to support official statistics production

• Innovative data published so far include spending flows across the UK, 

tourism trends in small areas, estimations of local consumption zones 

• Ongoing projects to explore direct and indirect integration of card data 

into the statistical production of Household Final Consumption 

Expenditure (HHFCE), Tourism, Digital Trade, Regional HHFCE, 

Regional CPI 

• Also in partnership with Pay.UK / Vocalink to develop interbank 

payment systems data into real-time business supply chain 

information, similar to input-output tables

• Jan 2025 publication: monthly payment flows between SIC5 industries, 

capturing over 3 million UK businesses and organisations

Merchants located in Covent Garden, London: 

where their customers came from, Q3-2023 

Source: Visa and ONS 

Publication: Consumer card spending, flow of spending 

across the UK: 2019 to 2023

https://www.ons.gov.uk/economy/economicoutputandproductivity/output/articles/consumercardspendingflowofspendingacrosstheuk/2019to2023
https://www.ons.gov.uk/economy/economicoutputandproductivity/output/articles/internationalconsumercardspendingukandabroad/2019to2023
https://www.gov.uk/government/publications/estimating-geographical-retail-markets-from-card-spending-data
https://www.ons.gov.uk/economy/economicoutputandproductivity/output/articles/industrytoindustrypaymentflowsuk/latest
https://www.ons.gov.uk/economy/economicoutputandproductivity/output/articles/consumercardspendingflowofspendingacrosstheuk/2019to2023
https://www.ons.gov.uk/economy/economicoutputandproductivity/output/articles/consumercardspendingflowofspendingacrosstheuk/2019to2023


• Supporting United Nations Population Fund (UNFPA) Somali 

National Bureau of Statistics (SNBS) and Foreign, 

Commonwealth & Development Office (FCDO)

• Establishment of enumeration areas to better account for 

Internally Displaced People (IDP) camps

• ML tool using satellite imagery to predict camp extents

Somalia census support / IDP camp mapping

• Outputs / impacts

• Tool used to deliver camp 

footprints to UNFPA

• Development of end user 

application for application 

to wider use cases

• Support representation of 

IDP in censuses



Value Added Tax (VAT) Data
• VAT data can help improve quality and temporal granularity of 

GDP estimate and give real time insights on economy. 

• VAT returns give insights into the turnover and expenditure of 

over 250,000 UK firms.

• Data is available within a month of reporting - making it useful 

as an early indicator of economic activity. 

• Existing work provides diffusion indices – measuring the 

proportion of firms reporting an increase in activity compared to 

the preceding period.

• These generally track well with GDP indices, and can be used 

as an early indicator of economy and to improve GDP 

estimates.

• Current work is looking to extend to numerical indices – 

explicitly using turnover returns.



Data processing: classification

Can the latest AI tools improve coding of 

labour market survey text data to SIC/SOC?

• Developed a proof-of-concept system, 

using an enterprise grade LLM.

• Applied this to anonymised survey 

response data

• Evaluated against clerical coding and a 

benchmark model. 

Blog and Code on our website

https://datasciencecampus.ons.gov.uk/classifai-exploring-the-use-of-large-language-models-llms-to-assign-free-text-to-commonly-used-classifications/
https://github.com/datasciencecampus/sic-soc-llm


Preferential Tariff Utilisation Rates

The linking of our InterDepartmental Business 
Register (structures and characteristics of UK 
businesses) with Trade in Goods data (what 

imports/exports businesses undertake in the UK)

Understanding the rate at which UK businesses make use of preferential tariff arrangements when 
trading with particular countries around the world

Assessment of which categories of goods are imported using available 
preferential tariffs

This analysis allows UK Government to better understand which types of businesses across the economy are not 
benefitting from existing trade deals, and could be additionally supported to improve economic performance



UK Trade Shipping

Automated 
Identification 
System data

(ship transponders and GPS 
locations)

Shipping 
Instructions

(cargo container contents)

We are helping UK Government (DBT, DfT, CO) understand trade 
dependencies on critical passages throughout the world ocean. 

Not only which critical passages cargo ships navigate through but 
also their cargo contents, making it possible to gain insights into 

specific categories of physical goods according to their importance 
to the UK economy

UK imports, by volume and routes between origin/destination ports

See also: UK PortWatch AIS



Global Supply Chains with LLMs

LLM suggested values of inputs required to create 
Electronic integrated circuits

Trialling the use of Large Language Models to generate supply chains data across all categories of 
physical goods, to help identify gaps in existing data sources

An input-output table for whole physical economy, based purely on 
LLM’s intrinsic “knowledge” of each product category

By helping comprehensively identify products used across the entire supply chain, we can compare with existing data sources used for 
both official statistics purposes and for global supply chain intelligence in the Department for Business and Trade more efficiently



Thank you
Any questions?

20 January 2025
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SHIFTING THE LENS
Discovering new dimensions of data,
and how to unlock it with the Private Sector
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This presentation will cover 2 of the 3 objectives of the Sprint

1. Develop a repository of compelling AI and data science use cases

1. The example of UAE’s Majid Al Futtaim (MAF)

2. How can private sector data contribute to SDG and NSO

2. Address strategic and cross-cutting issues

1. How to access private sector data

2. How to maintain and grow access
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Majid Al Futtaim had set an ambition
to set the bar for the region on data
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And managed to deliver on it
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1. Massive scale

2. Real time (or quasi)

3. User/consumer level

4. Opted-in by default and extensible for research and SDG 

5. Micro to meso to macro analytical capability

6. Connectable and integrable

SHOW ME THE DATA

The benefits of Private Sector Data
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To access the private sector data, 
mutually beneficial collaborations 
need to be formed
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The 3 main challenges private sector institutions face

THE 
DATASET

THE 
MINDSET

THE 
SKILLSET



THE DATASET



The dataset – 3 steps to build the foundation

Collecting and 
cleaning all 

the data

Setting up the 
infrastructure

Breaking through 
the IT dilemma



THE MINDSET



The mindset – 4 critical elements

Empower and 
recognize the future 

champions

Be comfortable with 
MVP (Minimum 

Viable Products) to 
show value quickly

Communicate, 
communicate, 
communicate 

Gain the hearts and 
minds



THE SKILLSET



The skillset – Building teams and seeding the change 

Build the core team 
(it’s tough)

Educate all teams
(it’s never enough)



DATASET

Start small but 
with ambitions

MINDSET

Make sharing a 
movement

SKILLSET

It’s not just for 
few geeks

Key Takeaways 
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Thank you
Any questions?
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FROM MAPS TO METRICS
How Geo AI is Redefining Statistical 
Insights



From Maps to Metrics: How GeoAI is 

Redefining Statistical Insights 
Kate Hess

khess@esri.com



Illuminating Patterns 

   & Discovering 

Relationships

All Factors

Integrating

Organizing &

Social

Environmental

Economic



Real-Time

 (Smart)

Measurements

Mapping & 

Visualization

Maps & Data

Remote 

Sensing

Analytics

Monitoring &

  Reporting 

Planning, Policy 

  & Decision Making

Citizen Engagement

Surveying & 

Engineering Data

Accessible 

  Anywhere 

What Is a GIS?
A System for Managing, Sharing and Applying Geographic Information

Portal

Integrating 

  All Sources

Connecting . . . 

Delivering Value Across Organizations    

Improving Efficiency, Communications, Decision Making and Collaboration

Living Digital Twin



Advancing Spatial Science

Sharing & 

Collaboration
Data

Engineering

Visualization

& Exploration

Spatial 

Analysis

Machine Learning

& AI

Big Data

Analytics

Modeling

& Scripting



What Is AI?

Machine 

Learning

Deep 

Learning

Artificial 

Intelligence
Machine learning is about extracting patterns from 

data to derive rules, instead of these rules being 

explicitly programmed.

Deep learning is a type of ML using deep neural 

networks to find complex patterns especially in 

unstructured data (such as images, text, voice, and lidar).

Generative AI uses models like LLMs to create content 

like text, images, or code based on prompts

Gen

AI



Machine Learning



What Can Machine Learning Do?

Extract features from 

imagery & lidar

Make predictions
Find patterns & clusters

Detect anomalies Extract insights from 

unstructured text



Hot Spot Analysis Space Time Pattern Mining

Forest-based 

Classification & Regression

Spatial Statistics and Spatial Machine Learning



Predictive Analytics
Prepare Data, Make Predictions, Find Correlations, Understand Top Variables, and More

Predicting asthma rates Predicting house pricing Predicting sea habitat

Variable importance Variable correlationData engineering

Time series forecasting



Anomaly Detection
Spatial, Temporal, and Spatiotemporal Outliers

Time series outliers (temporal)

Spatial outliers (spatial) Local outlier analysis (spatiotemporal)



Deep Learning



Object Detection, Pixel Classification, Object Classification, Tracking, and More
Damaged structures

Roads

Swimming pools

Building footprints

Oil pads

Land cover

Road cracks

Palm treesPipeline encroachment

Tracking in FMV

Parcel (edge) detection

Imagery AI Workflows



Pretrained AI Models
Making AI approachable

Scene Text Parsing

Entity Extraction

Country Classification

Building Footprints 

(Australia)

Land Cover 

Classification

Cloud Mask Generation

Solar Park 

Classification

Elephant Detection

Wind Turbine Detection

Road Extraction (Global)

Highlights
———————

• >85 models

• Segment Anything Model (SAM) – foundation 

model

• Retrain on your data

• Trained for use on satellite imagery, drone imagery, 

lidar…



Persistent Change Detection

• Classic change detection tools could be less accurate with 

clouds, imagery mis-registration, and color differences

• Change detection empowered by deep learning can provide 

higher accuracy for persistent change (such as new buildings)

• This could be useful for many use cases like identifying urban 

growth patterns to provide recommendations for infrastructure 

planning, and identifying illegal construction



Predicting Urban Growth
• Identify locations with a higher probability of urban development

• Use historical land cover raster data (urban and non-urban) along 

with other data sets as input variables (for example, drive time to 

the nearest urban center, proximity to freeways, proximity to 

environmentally protected areas, population growth, and slopes)

• Model development can take place in ArcGIS or other frameworks 

like R or Python



Generative AI



Making App Creation Accessible

Data

Apps
+ 

Maps

People
+ 

Groups
Create 

apps with 

natural 

language





Automatic translation



Making Data Accessible
Easy to use, nearby

Data

Apps
+ 

Maps

People
+ 

Groups

Talk with 

the Data

https://dcgis.maps.arcgis.com/apps/webappviewer/index.html?id=c975110d05a24acba55f65eef283e05b


Combining AI + Location Intelligence
 Washington DC HUB



Use Case: Civic Information

• Users: Residents, Staff, Researchers, 

Reporters

• Purpose: Quickly access location-

specific information and spatial 

summaries

• Improve Understanding

• Constrained to authoritative sources

• Connects to live Feature Services, 

Geocoder, other services

ChatGPT Plugin

Embedded Chat Component



Deep Learning Generative AI

Geospatial AI: Redefining Statistical Insights

Machine 

Learning
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Mohammad Hassan
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Future of Data Strategy for Decision 
Making
“Data Science and AI”
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UAE National Statistic Center (FCSC) initiated a task force (Future of 

Data Dept and Data Maturity Index Dept) to utilize Data Science and AI 

to steer digital transformation in Official Statistic
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Future of Data Initiatives



113

Using Big Data to Explore Labor Market Demand 

in UAE

Using Big data application for interactive data exploration of the UAE Labor Market Job Demand through the utilization AI tool to 
collet big data across 500 online sources for job vacancy advertisement, providing real-time data to analyze and explore job 

demand in time series in the UAE 
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Card Transaction Big Data – Consumer Behavior 

for Tourism Indicators

UAE and Large Retailers are in partnership to develop anonymized card transaction big data on different 

economic activities to support official statistics in tourism initiatives and consumer spending behavior. LLM 

analysis on consumer behaviour with retails in UAE (980 Million Card Transactions, Totalling More than AED 

229 Billion from Over 5m consumer)
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Leverage the Power of Large Language Models 

(LLMs) to Enhance Official Statistic Analysis
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Using Geo AI and Utility Meters (Water and Electricity) to identify the new units in 

the Population and Economic Frame

Geo AI for Population Census
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Train AI to recognize and Detect Palm Tree

FCSC annotate images data for 

training AI and train AI Office 

proprietary image recognition 

algorithm solution to collect and 

label satellite image data of the 

UAE and to recognize tree and 

measure total greenery area and 

the health of the Palm Tree



Powered by the 
Latest  Fixed-wing 

Drones

The use of Latest Fixed-wing Drones with Geo AI provide comprehensive statistic analysis by AI on the status of 

agriculture in the UAE
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Using Geo AI to count all farms and analyze the health of 

Palm Tree in all the farms in the UAE and saving millions of 
dollars on farm survey



High-resolution 
Drone Data 

Sample 



High-resolution 
Drone Data 

Sample 



High-resolution 
Drone Data 

Sample 
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Data Maturity Initiatives
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The objective is changing the government data culture and collect new data from different sources through 
government services and enhance the data integration with statistic system by utilizing the UAE government’s service 

data to develop new insights and knowledge for decision making (From Data to Knowledge) 

Addressing strategic and cross-cutting issues relevant to AI and data 

science in economic statistic, cultural change and cross-domain data 

integration by Launching Government Data Index
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The National Statistic Office launch “Data Index” as part of developing data strategy 

to overcome the data integration challenge through 3 main pillars and UAE NSO will 

act as “Auditor” to ensure implementation of the new data strategy

Pillar 2 Pillar 3Pillar 1
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وصف المقومات 
العوامل / الأساسية 

التمكينية للمعيار

متطلبات 
ار الامتثال للمعي

ية لدى الجهة، وتوفر ل من الاصول الحكومكأصقامت الجهة بإعداد واعتماد سياسة مؤسسية لحوكمة البيانات، تحدد السياسة المبادئ والممارسات والمسؤوليات الأساسية لإدارة البيانات 
ع القرار وانتاج الرقم الإماراتي متها وأمنها لصنوسل السياسة إطار واضح لملكية البيانات وتحدد مسؤولية إدارتها ، مما يضمن الامتثال للمطلبات التنظيمية ويعزز جودة البيانات الإحصائية 

.الموحد

مستوى مجال 
التطبيق

على مستوى الجهة الحكومية

انات من خلل تحديد تهدف السياسة إلى تحقيق الاتساق والجودة في إدارة البي. أعدت الجهة واعتمدت سياسة مؤسسية لحوكمة البيانات، لتوفير أساس متين لإدارة البيانات كأصل مؤسس ي استراتيجي ذو قيمة عالية 
:مجموعة من المواصفات الرئيسية والتي تشتمل بالحد الأدنى على

ركز على توثيق الإجراءات الخاصة بإدارة 1.
ُ
توافر البيانات وسلمتها يانات وإمكانية التدقيق على تنفيذها بما يضمنالبتحدد السياسة مبادئ واضحة لإدارة البيانات، بما في ذلك الشفافية، المساءلة، والامتثال، وت

.واستدامتها

.ا، واستخدامهات، عبر إجراءات إنشاء البيانات، وتخزينهاناتحدد السياسة مسؤوليات ملكية البيانات بوضوح لكل مصدر بيانات ضمن الجهة، يُشمل ذلك توزيع المسؤوليات في جميع مراحل دورة حياة البي2.

. المراجعة والتدقيقوإجراءات حماية البيانات الشخصية والحساسة وضمان عدم انتهاك الخصوصية أو تعريضها لأي مخاطر وتتضمن آليات. تحدد السياسة متطلبات الامتثال لإدارة وحماية البيانات وأمن المعلومات3.

التوصيف  ،(Accessibility)يتم استخدام مقاييس جودة محددة، مثل إمكانية الوصول . تتضمن السياسة آليات محددة للتحقق من جودة البيانات بانتظام من خلل مراجعات وعمليات تدقيق دورية4.
(Descriptiveness)،  الاكتمال(Completeness)،  الدقة(Accuracy)،  الحداثة والدورية(Timeliness)،  الشمولية(Coverage)،  الاتساق(Consistency)،  والمذكورة ضمن  دليل تطبيق معايير قياس مستوى جودة

.بهدف تحسين موثوقية البيانات وصحتها لاستخدامها في انتاج أرقام الإمارات الموحدة والمؤشرات الإحصائية لصنع القرارات والسياسات.. البيانات الحكومية

.أو السجل الإداري ام مفهوم  مصدر إماراتي واحد موثوق للبياناتخدتضمن السياسة توفير بيانات متسقة ومتكاملة بين جميع الأنظمة مما يدعم اتخاذ القرارات بناءً على البيانات الرسمية الموثوقة عبر است5.

الإطار التنظيمي والتشغيلي لإدارة البيانات.1: المحور الرئيس ي

حوكمة الإطار التنظيمي والتشغيلي لإدارة البيانات1.1: المحور الفرعي

سياسة تنظيم وإدارة البيانات المؤسسية1.1.1المعيار   
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