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International Symposium on Al and Data Science for Economic Statistics:
How Digital Evolution Impacts Economic Decision-Making

20 January 2025, Dubai, United Arab Emirates
Agenda

8:30 REGISTRATION & COFFEE 10:25 COFFEE BREAK

9:00 Welcome Speech by FCSC . . e . 10:45 Presentation: “/Innovation Work in the Data Science Campus : Data Science and Al”
Mohammad Hassan - Executive Director Statistics and Data Science Sector - FCSC ) Osama Rahman - Director of Data Science Campus at Office for National Statistics (UK)
9:10 Video by United Nations
' Stefan Schweinfest - Director of the Statistics Division Presentation: “Shifting the Lens: Discovering New Dimensions of Data”
11:10 Guillaume Thfoin - Chief Data Officer, Affiliate Professor at ESCP Business School
9:15 UN Pact for the Future and the Digital Transformation of Economic Statistics
' Dr Ronald Jansen - Asst Director of the Statistics Division . . . . o .
Presentation: “From Maps to Metrics: How GEQOAI is Redefining Statistical Insights”
11:45 ; ; i
0.45 Keynote: “Al Pipelines from Data to Insights” Kate Hess - Senior Solutions Engineer at ESRI
' Dr Abdelrahman Al Mahmoud - Head of Research & Infrastructure, Al Office UAE
_ 12:15 Presentation: “Future of Data Strategy for Decision Making — Data Science and Al”
10:15 Group picture ) Mohammad Hassan - Executive Director Statistics and Data Science Sector - FCSC




12:30 LUNCH

The Future of Statistics

13:45 Panel discussion “How Big Data and Innovation Hubs support national statistical systems”

Moderator: Mr. Osama Rahman, Director of the Data Science Campus, ONS UK
Panelists:

— Mr. lvan Murenzi, Chief Statistician, NISR, Rwanda

— Prof. Setia Pramana, Director of Regional Hub in Indonesia

— Ms. Maria Luiza Torres, ENCE/IBGE, Team Lead of Regional Hub in Brazil
— Dr. Babatunde Samson Omotosho, Director, Statistics Department, AfDB
— Mr. Marco Marini, Head of IMF Big Data Center

14:55 Tea Break

15:15 Panel discussion on “Al and Data Science for Economic Statistics in the MENA region”

Moderator: Dr Ronald Jansen — Asst Director UN Statistics Division
Panelists:
— Ms Wafa Aboul Hosh - ESCAW
— Mr Mohammad Al Ghafri - Head of Producer Price Statistics - Oman
— Ms Elham Saleh -Technical Support Advisor - GCC-STAT

16:15 Networking




Welcome and Opening Remarks

Mohammad Hassan

Executive Director of Statistics and Data Science Sector

Federal Competitiveness and Statistics Centre (UAE)
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United Nations - Video

Stefan Schweinfest

Director

United Nations Statistics Division

DATA SCIENCE LEADERS NETWORK


https://www.youtube.com/watch?v=aCYBsJH18Xc

UN Pact for the Future and the Digital
Transformation of Economic Statistics

Dr Ronald Jansen

Asst Director

United Nations Statistics Division
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) Summit of the Future

J UN Pact for the Future — overview

J Global Digital Compact

* Digital Connectivity
* Digital Economy

* Safe Digital Space
®* Data Governance

® Al Governance

Digital Transformation and the UN Statistical Commission
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New York, 2024

Summit of the Future

20-21 September — Action Days
22-23 September — Summit

—
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Outcome document: Pact for the Future

World leaders adopt a Pact for the Future that includes a

‘ Global Digital Compact and a Declaration on Future

Generations (A/RES/79/1). The Pact covers a broad range of

themes, including peace and security, sustainable
development, climate change, digital cooperation, human

jdhnlflmtwm“ rights, gender, youth and future generations, and the
transformation of global governance.

Pact for the Future,
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2022-2024
Summit of the Future

11 Policy Briefs

safeguarding the future
Managing global shocks
Meaningful youth engagement
Beyond GDP

Global digital compact

Integrity in Information
International financial architecture

sSharing the benefits of space

A new agenda for peace
Transforming education
United Nations 2.0

Pact Chapters

Sustainable development and financing
for development

International peace and security

Science, technology and innovation and
digital cooperation

Youth and future generations
Transforming global governance

p 2020
UN75 Declaration

P 2021
Our Common
Agenda (OCA)

p 2022
Modalities
Resolution 76/307

P 2024
Pact for the Future

p 2023
Policy Briefs
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5 Pact Chapters

0000 @O

sustainable development and financing
for development

International peace and security

science, technology and innovation and
digital cooperation

Youth and future generations
Transforming global governance
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PACT SUB-ACTIONS BY ACTOR MOST RESPONSIBLE FOR IMPLEMENTATION

Sustainable
Development

and Financing
for Development

International
Peace and

Security | Cooperation

Youth and
Future
Generations

Transforming
Global
Governance

Follow-up and
Review
Mechanisms

Member
States

5G & UN
System

IFls

Stakeholders

Total

62

63

10

73

13

108

32

49

11

14

75

5 291
9 44
0 14
0 14
14 363
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ACTION 53. WE WILL DEVELOP A FRAME-
WORK ON MEASURES OF PROGRESS ON
SUSTAINABLE DEVELOPMENT TO COM-
PLEMENT AND GO BEYOND GROSS DO-
MESTIC PRODUCT.

We recognize that sustainable development must
be pursued in a balanced and integrated manner.
We reaffirm the need to urgently develop meas-
ures of progress on sustainable development
that complement or go beyond gross domestic
product. These measures should reflect pro-
gress on the economic, social and environmental
dimensions of sustainable development, includ-
ing in the consideration of informing access to
development finance and technical cooperation.

We decide to:

(@ Request the Secretary-General to estab-
lish an independent high-level expert group
to develop recommendations for a limited
number of country-owned and universally
applicable indicators of sustainable develop-
ment that complement and go beyond gross
domestic product, in close consultation with
Member States and relevant stakeholders,
taking into account the work of the Statistical
Commission, building on the global indicator
framework for the Sustainable Development
Goals and targets of the 2030 Agenda for
Sustainable Development and to present the
outcome of its work during the eightieth ses-
sion of the General Assembly;

DATA SCIENCE LEADERS NETWORK
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Global Digital Compact

A comprehensive framework for global governance of digital
technology and artificial intelligence
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Join the Compact Read the full Global
Digital Compact (EN) &

Turning the Global Digital Compact into action requires a global effort. Thousands of people and

organizations contributed to the elaboration of the Compact.
Explanatory Note of the

Endorsement Process .

’ Inin 11 in thic affard ’




Global Digital Compact

@

The goal is an inclusive, open,
sustainable, fair, safe and secure
digital future for all.

Ig:"\

This Global Digital Compact sets
out the principles, objectives,
commitments and actions to

achieve it.
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v' Close all digital divides and accelerate
progress across the Sustainable Development

Goals;
v Expand inclusion in and benefits from the
Global Digita| digital economy for all;
Compact: v’ Foster an inclusive, open, safe and secure
Obi . digital space that respects, protects and
jeCtIVES promote human rights;

v' Advance responsible, equitable and
interoperable data governance approaches;

v" Enhance international governance of artificial
intelligence for the benefit of humanity.
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GDC Obijective 1:
Digital connectivity

We commit, by 2030, to:

(a) Develop and strengthen targets, indicators and
metrics for universal meaningful and affordable
connectivity, building on existing work, and
integrate these into international, regional and
national development strategies (SDG 9%;

(b) Develop innovative and blended financing
mechanisms and incentives, including in
collaboration with Governments, multilateral
development banks, relevant international
organizations and the private sector, to connect
the remaining 2.6 billion people to the Internet
and to improve the quality and affordability of
connectivity. We will aim for entry-level
broadband subscription costs that are accessible
to O’Ichge) widest section of the population (SDGs 1
and 9);
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PRIORITY ISSUES - G20 Brazil Presidency

1. DIGITAL INCLUSION, UNIVERSAL AND MEANINGFUL CONNECTIVITY

Despite the growing access to digital connectivity, a significant proportion of the world population
remains unconnected. Even among many G20 members, the challenge of connecting
populations living in rural and remote areas remains very much relevant, as well as providing
digital skills to a part of the population that is not online, despite living in areas where Internet
access is available.

2. DIGITAL GOVERNMENT: BUILDING ATRUSTWORTHY AND INCLUSIVE DIGITAL PUBLIC
INFRASTRUCTURE

In the past decade, especially during and immediately after the COVID-19 pandemic, numerous
national and subnational governments have devoted efforts to adapt the delivery of public
services to the new needs and expectations of societies increasingly influenced by the
advancement of new digital technologies. Enhancing the government’s relationship with its
citizens, providing high-quality public services, and leveraging the opportunities of the
digital economy, in turn, require a smart public administration and a secure, reliable, and
inclusive Digital Public Infrastructure (DPI).



GDC Objective 2:
Digital Economy

We commit by, 2030, to:

(a) Foster an open, fair, inclusive and non-discriminatory digital
environment for all that enables micro-, small and medium-
sized enterprises to access and compete in the digital economy
(SDG 9);

(b) Support international, regional and national efforts to
develop enabling environments for digital transformation,
including predictable and transparent policy, legal and
regulatory frameworks, and sharing of best practices (SDGs 10
and 16);

(c) Conduct national and regional assessments to inform actions
to address gaps and needs in digital transformation and
strengthen the collection and use of data to inform decision-
making (all SDGs);

DATA SCIENCE LEADERS NETWORK



Transactions through digital intermediation platforms, 2019-2022
Gross Merchandise Value of goods / Gross Transaction Value of services reported by DIP

Digital intermediary platforms oo

Source: UNCTAD (2024) “Business e-commerce sales and the role of Takealot':ql:g:jg
online platforms”; based on published reports by platform operators. Yandex
Notes: Values as reported in company annual reports or official S"‘;ﬂlagy
filings. Reporting periods vary. * for Alibaba, Pinduoduo, Meituan, and Gujgﬁ
B2B/Americanas figures for 2022 are unavailable. Their 2021 figures Cnova
are used when calculating the total; the true total for 2022 could be Hepsibuéggﬁ
. higher or lower. For more information, see source. ifood
* Sales through online platforms are B2WAmericanes (2022 /a)
. Allegro
booming L5
Tokopedia
. . Walmart inlerﬁgli?é‘r?;?
* The platform landscapeis dominated by a s 418 Wercago Lire
USS$ hillions R Just Eat Takeaway
small number of platforms 4 000 4020 — e
T T LT T T L LT P PP P e T PP PP e - Rakuien
- — — WaImA:;rtrBGg
« 6 platforms facilitate over $100bn of — — Stopee
transactions in 2021 —_ oy
3165 [ ] Uber (incl. eats%
|| * Meituan (2022 nfg)*
* Together they account for 80% of the total R = step
transaction value 2578 — * Pinduoduo (2022 )
« 4 outofthese 6 are Chinese -— jd.com
* ltis crucialto obtain high quality
H . Amazon
iInformation from these DIPs l
* Please note that 3 out of the 3 Chinese DIPs © 000 *
did not publish their transaction value for
2 O 2 2 Alibaba ecosystem (2022 n/a)*

&) OECD

BETTER POLICIES FOR BETTER LIVES
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Scopes of Statistics

ML E T, ARRKESL . R&LEA R MTE , R&L ALY, H
T REEFE NI REE N, ML ERS Wik NBAHARE TS ZH S,
DA K AR 5100007 To X DA _E M HA R TR S22 6

E-commerce Platforms(including EDI system) owned by the enterprises above
designated size and the E-commerce platforms with yearly transaction volume above
10 million CNY owned by the enterprises below designated size

AR H B
Frequency of Statistics Monthly survey
HERE 20234F, 4000 KB TFHFFE
Quantity of Respondents | More than 4000 E-commerce Platforms in 2023
e e HLF R 9532 5 F & S B B P £ RS

Data Collection Methods

Respondents complete questionnaires through online system

FRFAERER

Indicators of Statistics

FER B (THERL)

E-commerce Transaction Value (which includes VAT)

WA G MR AT ER 5 H- A (B2B+B2G ) FIxFA A (B2C+C2C)
Breakdowns by actors, such as B2B+B2G and B2C+C2C

WAL 5 W il . RS HM 55 38 5 Hil

Breakdowns by transaction content, such as goods and services

BT FTTE# A 5 3 5

Breakdowns by seller's registered province
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Industries (‘who’)

Additional The digitally enabling industry (e.g., Samsung)

columns to DIPs charging a fee (e.g., Amazon; Uber, Lyft)

represent Data- and advertising-driven digital platforms (e.g., Google, Instagram)
Jélri]gi:aelw Producers dependent on DIPs

industries: E-tailers
Financial service providers predominantly operating digitally

Other producers only operating digitally (e.g., Netflix, YouTube)

_ BETTER POLICIES FOR BETTER LIVES



Example: Canada - Industries

Statistics Canada updated and
published their estimates in 2023:

* Coversthe period from 2017 to
2020

 Contribution of digital industries/
economy to GDP trended up from
5.2%105.9% in 2020

 |CT sector dominates, especially
software and telecommunications
production, followed by e-
commerce

https://www150.statcan.gc.ca/n1/daily-
quotidien/230725/dg230725a-eng.htm

Total, all industries
Total digital industries
Information and communications technology
Hardware
Software
Telecommunications
Other services
Digital intermediary platforms
Data- and advertising-driven digital platforms
Online retailers and wholesalers

Digital-only firms providing finance and
insurance services

Other producers only operating digitally

2017

millions of

dollars

1,991,534
104,356

6,536
41,891
36,166

9,912

1,762

1,024

3,793

2,204

1,069

2018

millions of

dollars

2,083,379
110,633

6,913
46,067
36,399

9,981

2,446

1,106

4,017

2,476

1,229

2019 2020
millions of millions of
dollars dollars
2,161,924 2,076,634
122,018 122,628
7,454 6,575
52,840 54,565
38,133 38,526
10,151 9,966
3,025 2,504
1,326 434
4,611 5,699
2,947 2,944
1,530 1,415

&) OECD
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GDC Objective 4:
Data governance

We commit, by 2030, to:

Draw on existing international and regional guidelines
on the protection of privacy in the development of
data governance frameworks (all SDGs);

Strengthen support to all countries to develop
effective and interoperable national data
governance frameworks (all SDGs);

We will continue discussions in the United Nations,
building on those outcomes and recognizing the
ongoing work of other relevant bodies and
stakeholders, including the United Nations Statistical
Commission, in our efforts to pursue common
understandings for data governance at all levels, as
relevant for development (all SDGs).
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Data Governance across systems: exploring

strategies for official statistics

X -
B i N
Evolving data Data governance, data Emerging strategies
governance generation and use in the for data and
frameworks in private sector statistics in
public sector national statistical
systems

Data governance encompasses technical, policy, and regulatory frameworks to manage
data along its value cycle — from creation to deletion — and across policy domains

including health, research, public administration, and finance.

It ranks as a top priority for governments aiming to maximize the benefits of data while
addressing challenges such as privacy and intellectual property as well as competition

and empowerment.

|

Possible strategies
to bring data
governance into the
Statistical
Commission



Data Governance Framework —
Vision for data

Is the vision for Is the vision for

data partof a data about
broader digital better public
services services?
agenda?

GOVERNMENT
VISION FOR

Is the vision for Is the vision for

data part of data about
efforts to see building a
dataasa stronger
service? ... economy?
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GDC Objective 5:
Al Governance

We therefore commit to:

(a) Establish, within the United Nations, a
multidisciplinary Independent International Scientific
Panel on Al with balanced geographic representation to
promote scientific understanding through evidence-based
impact, risk and opportunity assessments, drawing on
existing national, regional and international initiatives and
research networks (SDG 17);

(b) Initiate, within the United Nations, a Global Dialogue
on Al Governance involving Governments and all relevant
stakeholders which will take place in the margins of
existing relevant United Nations conferences and
meetings (SDG 17).

DATA SCIENCE LEADERS NETWORK
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Al for Good
Global Summit

Advancing trustworthy Al
for sustainable development

8-11 July 2025

Geneva, Switzerland

JOIN FOR FREE OR GO VIP




Statistical Commission

Commission on Statistics and Data

J Data Governance
d Partnership on ICT

d UN Committee of Experts on Big Data
and Data Science for Official Statistics
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UN Committee of Experts on Big Data and
Data Science for Official Statistics

REGIONAL HUB LAC, T A CEBD ADVISORY SCIENTIFIC
BRAZIL PLATFORM BOARY COMMITTEE

REGIONAL HUB A&P
INDONESIA/UNESCAP UNGP
—— _ oeks NErwe

CEBD BUREAU

REGIONAL HUB AFRICA TASK TEAMS LEADERS NETWORK
RWANDA/UNECA
REGIONAL HUB MENA, ACCESS TO
S PRIVATELY-HELD AIS DATA AL RICRITE
DUBAI, UAE OBSERVATIONS DATA DATA DATA

GLOBAL HUB ON ARIES FOR
SEEA, BILBAO

PRIVACY ENHANCING TRAINING, SKILLS & DATA SCIENCE & SDG
TECHNOLOGIES CAPACITY BUILDING LOCALIZATION

GLOBAL HUB ON BIG DATA &
DATA SCIENCE, HANGZHOU



UN Committee of
Experts on Big
Data and Data

Science for

Official Statistics

(10-year review in

2024)

Revised Mandate 2025

To promote practical use of Al, data science and the use
of big data and other alternative data sources, while
building on existing precedents and finding solutions for
the many existing challenges.

To promote strategic relationships with private sector,
geospatial community, academia and other public sector
Institutes to ensure better access to data and responsible
use of Al; and cultivate ongoing knowledge sharing for
enhanced capability.

To promote data governance, Al governance, data
stewardship and open data policies for better access and
use of data.

To promote and support the roles of the regional and
global hubs for building capacity and for collaboration on
the UN Global Platform [including the Regional Hub in
Brazil]



UNITED NATIONS | DEPARTMENT OF ECONOMIC AND SOCIAL AFFAIRS | STATISTICS DIVISION
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Home > Events

5th International Seminar on Big Data for Official Statistics

Measuring the Digital Economy

g 29-31May2024 @ Xiamen, China

About R

A distinctive characteristic of the digital economy is the intensive use by businesses of ICT for the collection, storage, processing and transmission of information. Business
data from some industrialized countries show that improvements in productivity can be explained, at least partly, by use of ICT, which in turn is supported by supply of goods
and services produced by the ICT sector and through trade. A robust ICT sector can also contribute to aggregate labor productivity growth.

The nation of the digital economy has become commaonplace to describe how digital technology is changing patterns of production (supply) and consumption (demand). The
different technologies and economic aspects of the digital economy can be broken down into three broad components: Core aspects of the digital economy, which comprise
fundamental innovations (semiconductors, processors), core technologies (computers, telecommunication devices) and enabling infrastructures (Internet and telecoms
networks).

Many sectors of the economy are being digitalized. This includes digitally enabled sectors in which new activities or business models have emerged as a result of digital
technologies. Examples include finance, media, tourism and transportation. At the same time, digital transformation has permitted consumers to access a larger variety of
goods and services, while exercising greater control over the characteristics of the transaction processes. This phenomenon is becoming near universal due to the continual
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SPRINT ON X
Artificial Intelligence and Data Science

for Economic Statistics

O WEBINAR 1-7 Nov 2024
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Al Pipelines from Data to Insights

Dr Abdelrahman Al Mahmoud 1

Head of Research & Infrastructure
Al Office - UAE
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Al Pipelines from Data to
Insights

Dr. Abdelrahman AIMahmoud



Outline

* Recap
* Introduction
* Overview of Al Pipelines



B

Organization maturity to adopting Al

High Maturity

Mature ‘

Build a Good
Low Maturity A Collect Data
olieC
| Good Strategy
Experiment Quality

USEe-CaSes



Identify and

define

DEIF!
Strategy
Framework

Collect and

merge

Prepare and

package

Governance
framework




Data to Al Pipelines
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First build a story that
describes a very specific
need for a user group
(focus on the need)



The need comes before the tools

Desired outcome

Better tools

Current Capalbilities



Impact

driven Well
Defined
Components
of a use case
story
Based on
studies
and
evidence Measurable
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Data as a service Data as an asset

 Data distribution strategy that e Shifts the focus from the
emphasizes the utilization of data utilization of data to creation of
value
®)
FD Team A o
LIL| What is the end result? m
—~—> Team A
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Al Pipelines from Data to
Insights

Dr. Abdelrahman AIMahmoud

First Annual Seminar
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Innovation Work in the Data Science
Campus
Data Science and Al

Osama Rahman

Director of the Data Science Campus

Office for National Statistics (UK)
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Innovation work in the
Data Science Campus:

Data Science and Al B
e @ () o () «- O 0 -
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Osama Rahman o @® - -9 - o 00
Director, Data Science Campus, ONS oD - -00 - 09000
©-:00 - 0-0:-00

20 January 2025 - @D Q9000 - 0ODOO

M Data Science Campus



Creating the ONS of the
Future

M Data Science Campus



The Three Pillars

M Data Science Campus



Recent applications

M Data Science Campus



Financial Transactions data

« ONS and Visa are in a partnership to develop anonymised and
aggregated card spending big data into new economic data and
to support official statistics production

 Innovative data published so far include spending flows across the UK,
tourism trends in small areas, estimations of local consumption zones

« Ongoing projects to explore direct and indirect integration of card data
into the statistical production of Household Final Consumption
Expenditure (HHFCE), Tourism, Digital Trade, Regional HHFCE,
Regional CPI

 Also in partnership with Pay.UK / Vocalink to develop interbank
payment systems data into real-time business supply chain
information, similar to input-output tables

« Jan 2025 publication: monthly payment flows between SIC5 industries,
capturing over 3 million UK businesses and organisations

M Data Science Campus

Merchants located in Covent Garden, London:
where their customers came from, Q3-2023

Source: Visa and ONS
Publication: Consumer card spending, flow of spending
across the UK: 2019 to 2023



https://www.ons.gov.uk/economy/economicoutputandproductivity/output/articles/consumercardspendingflowofspendingacrosstheuk/2019to2023
https://www.ons.gov.uk/economy/economicoutputandproductivity/output/articles/internationalconsumercardspendingukandabroad/2019to2023
https://www.gov.uk/government/publications/estimating-geographical-retail-markets-from-card-spending-data
https://www.ons.gov.uk/economy/economicoutputandproductivity/output/articles/industrytoindustrypaymentflowsuk/latest
https://www.ons.gov.uk/economy/economicoutputandproductivity/output/articles/consumercardspendingflowofspendingacrosstheuk/2019to2023
https://www.ons.gov.uk/economy/economicoutputandproductivity/output/articles/consumercardspendingflowofspendingacrosstheuk/2019to2023

Somalia census support / IDP camp mapping

« Supporting United Nations Population Fund (UNFPA) Somali
National Bureau of Statistics (SNBS) and Foreign,
Commonwealth & Development Office (FCDO)

« Establishment of enumeration areas to better account for
Internally Displaced People (IDP) camps

« ML tool using satellite imagery to predict camp extents

 Outputs/impacts

« Tool used to deliver camp
footprints to UNFPA

« Development of end user
application for application
to wider use cases

e Support representation of
IDP Iin censuses

M Data Science Campus




Value Added Tax (VAT) Data

VAT data can help improve quality and temporal granularity of
GDP estimate and give real time insights on economy.

* VAT returns give insights into the turnover and expenditure of :
over 250,000 UK firms. 4

« Data is available within a month of reporting - making it useful 4
as an early indicator of economic activity. )

« Existing work provides diffusion indices — measuring the
proportion of firms reporting an increase in activity compared to .
the preceding period. VAT DI, = N,

* These generally track well with GDP indices, and can be used
as an early indicator of economy and to improve GDP
estimates.

« Current work is looking to extend to numerical indices —
explicitly using turnover returns.

M Data Science Campus



Data processing: classification

Can the latest Al tools improve coding of
labour market survey text data to SIC/SOC?

« Developed a proof-of-concept system,
using an enterprise grade LLM.

Applied this to anonymised survey
response data

Evaluated against clerical coding and a
benchmark model.

Blog and Code on our website

M Data Science Campus

LLM assisted SIC Coding

What does the organisation mainly make or do?

newspaper and website

"eie_coda" @ "5813"

"gic_descriptive" : "Publishing of newspapers"

¥ "gic_candidates™ : [
e :q

"s1c_code™ @ "5813"

"sic_descriptive" : "Publishing of newspapers"

"likelyhood" : 8.7
}

"reasoning" :

"The company's main activity +is described az newspaper and website. This
suggests that the company is involved in publishing, specifically newspaper
publishing (5IC code 5813) and possibly also operating web portals (5IC code
6312)."



https://datasciencecampus.ons.gov.uk/classifai-exploring-the-use-of-large-language-models-llms-to-assign-free-text-to-commonly-used-classifications/
https://github.com/datasciencecampus/sic-soc-llm

Preferential Tariff Utilisation Rates

Understanding the rate at which UK businesses make use of preferential tariff arrangements when
trading with particular countries around the world

The linking of our InterDepartmental Business

Register (structures and characteristics of UK Assessment of which categories of goods are imported using available
businesses) with Trade in Goods data (what preferential tariffs
importS/eXportS bUSinesseS Underta ke in the UK) TiG+IDBR, Pref. Tariffs utilisation (%) by Product type
Year: 2009 Hides: skins; i A

leather
products

Instruments

IDBR Enterprise
snapshot

Linked using
enterprise
reference

IDBR Reporting unit s L;B'éid I Téaodoedvsn
Aapstict dataset (TiG)

Base metals

Live animals and

products
Articles of

stone
Machi 100
achinery =\ 80

Vegetable
products

Mineral products

Wood, charchoal,
cork

+ Linked ushng Linked Miscellaneous
enterprise using
manufactured
reference VAT Transportation
reference Pearls stones equipment
IDBR VAT unit and metals Textiles
hot Plastic, rubber Prepared Shaded area: current year
snaps! : )
foodstuff Outline: previous year

This analysis allows UK Government to better understand which types of businesses across the economy are not
benefitting from existing trade deals, and could be additionally supported to improve economic performance

M Data Science Campus




U K Tra d e S h I pl ng UK imports, by volume and routes between origin/destination ports

Shipping
Instructions

(cargo container contents)

Automated
|dentification
System data

(ship transponders and GPS
locations)

!

See also: UK PortWatch AIS

We are helping UK Government (DBT, DfT, CO) understand trade
dependencies on critical passages throughout the world ocean.

Not only which critical passages cargo ships navigate through but
also their cargo contents, making it possible to gain insights into
specific categories of physical goods according to their importance
to the UK economy

M Data Science Campus




Global Supply Chains with LLMs

Trialling the use of Large Language Models to generate supply chains data across all categories of
physical goods, to help identify gaps in existing data sources

LLM suggested values of inputs required to create An input-output table for whole physical economy, based purely on
Electronic integrated circuits LLM’s intrinsic “knowledge” of each product category
output: 8542 (6) Electronic integrated circuits HNME ~:‘<ggggg§§mm
- EEESESEEGG-GEGG‘GEGGGG‘G‘G‘
inputs hscode description value .| e E’é’h"ﬁfﬁé’fr.ﬁ?i?ﬁf#;%‘ﬂé’! Hea o8

BO5 Coal and lignite 1
B06 & BO7 Extraction Of Crude Petrol -
. . . . . . . . B08 Other mining and quarrying produ - [ |
. - BO9 M rt
- Chemical elements; doped for use in electronics, in the form of discs, wafers or similar forms; chemical o0 G éﬁégg;‘g‘;‘“%e;t:mgegem:wce .
. \ Tocessed and preserved fi .
compounds doped for use in electronics gig;\é&getab\eﬂan&an‘\}ma\ollsandf ]
a ]
C106 Gra% Eﬂrﬁl ;lr(odu(ts starchesa - n u
. . . . . . €107 Bakery and farinaceous prcducts
her food d
Machines and apparatus of a kind used solely or principally for the manufacture or repair of masks and reticles, €108 other fopd products 1 06
. . - . - . . . . . . - €11.01-6 & €12 Alcoholic by -
1 848640 assembling semicenductor devices or electronic integrated circuits, or for lifting, handling, loading or unloading 15 Cliorsoft rinks ] "
€13 Textiles J m
1 1 C14 W | -
items of heading 8486 C15 Loather and related products 0s
€16 Wood and of products of wood and -
C17 Paper and gaper pdr_uducts ) - [ |
C18 Printi recording services -
C19 Coke and refined petroleum produ ~ n
€203 Paints, varnishes and similarc -
C204 Sogp ﬂnhd deter"gentjs, cleaninga -
. . €205 Other chemical products -
. - C20A Industrial -
3 281129 Inorganic oxygen compounds; of non-metals, n.e.c. in item no. 2811.2 10 C208 Industrial gases, inorganics an. R amu
Iff hi I B
S pharmaoutieat products an 1 | oa
Waste and scrap of precious metals; waste and scrap of precious metals including metal clad with precious e B o art 1
. . . . . . C230THER Glass, refractory, clay, ot -
4 711299 metals, other than that of gold and platinum and excluding ash which contains precious metal or precious metal 10 a1 3pescionandsteel - mm_
compounds ST N Pabricatad metal pvaducts, | o2
€26 Computer, electronic and optical - n
€27 Electrical equipment 4
- - .. . . €28 Machinery and equipment n.e.c. - ] ]
Machines and apparatus of a kind used solely or principally for the manufacture of semiconductor devices or of l W C29 Motor vehicles, trailers and sem - = -

€301 Ships and boats

2 382499 Chemical products, mixtures and preparations; n.e.c. heading 3824 15

input_cpa
input contributien to outpout

5 848670

€303 Air and spacecraft and related -
C300THER Other transport equipment -—
€31 Furniture k|
€32 Other manufactured goods
output_cpa -00

By helping comprehensively identify products used across the entire supply chain, we can compare with existing data sources used for
both official statistics purposes and for global supply chain intelligence in the Department for Business and Trade more efficiently

M Data Science Campus
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SHIFTING THE LENS

Discovering new dimensions of data,
and how to unlock it with the Private Sector

Guillaume Thfoin

Chief Data Officer, Affiliate Professor
ESCP Business School
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) This presentation will cover 2 of the 3 objectives of the Sprint

1. Develop a repository of compelling Al and data science use cases
1. The example of UAE's Majid Al Futtaim (MAF)
2. How can private sector data contribute to SDG and NSO

2. Address strategic and cross-cutting issues
1. How to access private sector data
2. How to maintain and grow access

DATA SCIENCE LEADERS NETWORK



) Majid Al Futtaim had set an ambition
to set the bar for the region on data

Majid al Futtaim’s Analytics Transformation started in 2017 with the ambition to position the
company as the leading “Analytically enabled” conglomerate in the region

Scale our differentiating asset, our data, into a decision-enabling

and monetizable platform that collects data universally, in real-time, and connects all our
ecosystem into a single view of our customers and operations

Become customer centric in everything we do through our

analytical capabilities, by deepening our customer understanding and engagement, making
faster, better decisions to deliver personalized products, services and experiences

Deliver incremental revenue growth (up to 5% p.a.) and cost savings

) thitht y¥ \
“ | |||| (Up to 7% p.a.) vs industry peers, through use cases driving topline impact and operational
e uill |

A > efficiencies (and automation) and by enabling new business opportunities

Establish MAF as a talent creator in our region and beyond, through

0
Y %‘ '_ ' a solid tech reputation, to attract and develop the best tech talents that are critical to our
FAXITVN

wider digital transformation

DATA SCIENCE LEADERS NETWORK



)And managed to deliver on it

In 2021, the trackable impact of use cases paid for the AA teams. By 2022, the cumulative trackable
impact will have paid back all the investments, leaving MAF with revenue generating assets
Key Facts Key Achievements
Largest consumer database in the region spanning 18 countries
30m- 5.5v+ 31k

Data as a decision-enabling and monetizable platform

Rich and diverse omnichannel consumer behaviour

~30 ~60 80
0, 0
A) /J TB+ Interactive and vibrant analytics community

School of Analytics & Technology to build & grow talent within
~
XB AED 50+ 80+ Tech talent scaling via partners and owned offshore centers
Analytics federation to synergize decision making

2 50-|- External data partnerships for consumer profile enrichment

ﬁ-lndependent data monetization business set-up in 2021

elilao ¥ IS ik ot sl 4t sobl - dmnernb
NATIONAL PROGRAM FOR ARTIFICIAL INTELLIGENCE y

Business of data - Consumer research ) Ministry of Al collaboration to Dubai Al ethics advisory Exclusive data & insights
platform collaboration Big Data for SDGS build future tech talent board member monetization partnership

Expert Committee member

DATA SCIENCE LEADERS NETWORK



) The benefits of Private Sector Data

1. Massive scale

2. Real time (or quasi)

3. User/consumer level

4. Opted-in by default and extensible for research and SDG
5. Micro to meso to macro analytical capability

6. Connectable and integrable

SHOW ME THE DATA

DATA SCIENCE LEADERS NETWORK



To access the private sector data,
) mutually beneficial collaborations
need to be formed

The question all CEOs and CFOs ask: “ how does Analytics generate value”

External Value Creation

and why should they investin it

Internal Value Creation

Data Platform Consultin .
SEE asa asa asa . fieciin
MORE - . ; Ad-Tech
service service service

Through spend Upselling, cross Market and Customers Being an open Reports, Analytics tools AA Program Leveraging data

optimization selling, new Insights, driving faster data marketplace Market Analyses,  and platforms building, to establish a
and automation products decisions for monetization Aggregated data offered to 3¢ AA media platform

parties transformation, (online and

trainings offline)

Top and Bottom-Line Impact Value through Revenue

d -
(Impact to Core Business) Generation and/or Value through Equity

Revenue growth (up to 5% p.a.) and cost savings
(up to 7% p.a.)

Potential Value of up to EUR XXXmn (annually) -

DATA SCIENCE LEADERS NETWORK
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The 3 main challenges private sector institutions face

.

THE
DATASET MINDSET SKILLSET
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) The dataset — 3 steps to build the foundation

|
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) The mindset — 4 critical elements
|
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) The skillset — Building teams and seeding the change

‘ - ; = . " i . 47
A~ — P
3 :'“ Y ‘ o | ’
\ s N -‘.4 8 % . \ . 5 ¥ '
W ! -
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) Key Takeaways

L

DATASET MINDSET /% SKILLSET

Start small but ¥: Make sharing a It’s not just for
with ambitions g movement /g  few geeks

(H\l;ik i
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FROM MAPS TO METRICS

How Geo Al is Redefining Statistical
Insights

Kate Hess

Senior Solutions Engineer
ESRI

DATA SCIENCE LEADERS NETWORK




From Maps to Metrics: How GeoAl Is
Redefining Statistical Insights

Kate Hess
khess@esri.com



Industrialization Illuminating Patterns

’ ’ ' Development & Discovering

Health & Welfare ~ Energy Relationships

pemose SeCial Economic

. . - Manufacturing
Organizing & S Populaﬁk‘ \ / Tourism

Integrating e \ y Ly
All Factors - . Financial

4
Education > R
4 “ S

N
. Fisheries ,_.,
‘ W i




What Is a GIS?

A System for Managing, Sharing and Applying Geographic Information

Maps & Data Mapping & ACCGSSIb|e

Visualization Anywhere

Integrating
All Sources
.@ Analytics
Real-Time
(Smart)
Measurements Monitoring &
[ ]
_ n Planning, Policy
Surveying & & Decision Making
Engineering Data

Citizen Engagement

Remote - D) : w ;
Sensmg é E 6 ) Connecting .
- 4

Dellverlng Value Across Organlzatlons
rmprovmg‘ EfflClency, Communications, DeC|S|on Maklng and Colla/boratlon

7 T RN *G 2 - g ‘ /
H p: SN - . », 1 B
Y ¥ o N B B R o, . . \




Spatial Science

Data Visualization Spatial Machine Learning  Big Data Modeling Sharing &
Engineering & Exploration Analysis & Al Analytics & Scripting Collaboration

S= =)@ (@) (&) (&€



What Is Al?

Machine learning is about extracting patterns from
data to derive rules, instead of these rules being
explicitly programmed.

Deep learning is a type of ML using deep neural
networks to find complex patterns especially in

unstructured data (such as images, text, voice, and lidar).

Generative Al uses models like LLMSs to create content
like text, images, or code based on prompts

Artificial
Intelligence

Machine
Learning

Deep
Learning




Machine Learning



What Can Machine Learning Do?

Extract features from Make predictions
imagery & lidar

Detect anomalies Extract insights from
unstructured text



Spatial Statistics and Spatial Machine Learning

Forest-based
Hot Spot Analysis Space Time Pattern Mining Classification & Regression




Predictive Analytics

Prepare Data, Make Predictions, Find Correlations, Understand Top Variables, and More

Predicting asthma rates Predicting house pricing Predicting sea habitat Time series forecasting

Data engineering Variable importance

Summary of Variable Importance




Anomaly Detection
Spatial, Temporal, and Spatiotemporal Outliers

Time series outliers (temporal)

contextual outlier
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Spatial outliers (spatial)
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Deep Learning



Imagery Al Workflows

Object Detection, Pixel Classification, Object Classification, Tracking, and More

Damaged structures Building footprints Land cover Pipeline encroachment pgim trees
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Elephant Detectlon

Pretrained Al Models

Making Al approachable 28

Solar Park
Classification

Highlights

Wind Turbine Detection
« >85 models

« Segment Anything Model (SAM) — foundation o ‘Vw‘
model R
« Retrain on your data
« Trained for use on satellite imagery, drone imagery, Trke, 5
lidar... Building Footprints ~ _ 3 .
(Australia) CIoud Mask Generatlon

v : . & .

Land Cover

h m l Classification



Persistent Change Detection

- Classic change detection tools could be less accurate with e o g
clouds, imagery mis-registration, and color differences , ' e

- Change detection empowered by deep learning can provide
higher accuracy for persistent change (such as new buildings)

- This could be useful for many use cases like identifying urban
growth patterns to provide recommendations for infrastructure
planning, and identifying illegal construction




Predicting Urban Growth

- ldentify locations with a higher probability of urban development

- Use historical land cover raster data (urban and non-urban) along ARG . S
with other data sets as input variables (for example, drive time to o D ase
the nearest urban center, proximity to freeways, proximity to B il e ey
environmentally protected areas, population growth, and slopes) R

- Model development can take place in ArcGIS or other frameworks I, BT b BR o
like R or Python £ e
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Making App Creation Accessible

¢ ®

Examples Capabilities Limitations

People iﬁ °
5 “te, Create
*

Groups

+  apps with
* natural
s language
Apps % = 0..
- I
+ €[ .l
Maps

Data . (Z;}




ArcGIS Survey123 m v  Mysurveys  Organization

Untitled survey_4 7

< @ =

Add Edit Appearance Options

Survey title not set

Text, number, date, and time
Description content for the survey

CI] Singleline text Multiline text

Number > Slider

Time

wa Date and time Email
Submit

Website Barcode

Powered by ArcGIS Survey123 Choice

(® Single select Multiple select

3e Single select grid Dropdown

oo Likertscale Rating

Ranking

lgl Survey123 assistant |BETA Location
[




ze Data Settings oy

A u to m atl C tran S | atl O n Preview in Tiéng Viét @ Languages: 3

en-us XLSForm

Espafiol-México Point
N Update O 34°7'N 117°45'W
Tiéng Viét _

Vi

—+ Add language

X Auto translate [BETA |
Tool ff}\ Analyze survey

&, Export translations

S
Auto translate [BETA]
T, Import translations

Convert choice lists to
Csv

Export translations

Import translations I

New XLSPalette
template

=1 Update XLSForm
template




Making Data Accessible

Easy to use, nearby

BEE= District of Columbia - Cooling Centers

People ) ®
+ n ..'0.
*
Groups ‘.‘

“
I i * Talk with
T :@I : the Data
€[ .l [ ]
Maps :
..
'.
’0

Data

LATITUDE

ZIPCODE



https://dcgis.maps.arcgis.com/apps/webappviewer/index.html?id=c975110d05a24acba55f65eef283e05b

.. . . DC Compass Al Assistant (beta)
Combining Al + Location Intelligence i
Washington DC HUB

Office of the Chief Technology Officer

how many trees aro i the oty

6 There are approximately 210,368 public trees in Washington, DC. You can

find more information about the trees in the city in the Urban Forestry
Street Trees datasel.
\

Home Featured Initiative:
Office of the Chief =4 Listen | >
Technology Officer

Esri and the

make me a map of rees at the convention center

Here is a map showing the location of trees near the Convention Center in
Washington, DC:

Y Conege
Wi ary

MPrarses 39
V400 Sratian

Chnatow=
Martn Lty
X o
Metro Cornes
Mara W

—-/' A\

This pilot Al Q§§is'tant: answers o 7, "
_questions related to publicly A%3 Dstanet 1o Map | | Zom 1o Locason

available information on Open '
Data’ DC.




ChatGPT Plugin

Open DatabCsoarch | UNVERIFIED

[ ] ] n ’
The school for the address 500 East Capitol St NE, Washington, DC is
[ ] Plugin store
S e aS e I V I ‘ | l O I I I l a I Peabody Element o re some def bout th ool:
U |

- Users: Residents, Staff, Researchers,
Reporters

Grades: PK3-KG
Zipcode: 20002

Pl e note that this informatior for the 2022-2

may change in the future.

- Purpose: Quickly access location-
specific information and spatial -

Open Data DC Al

re some trees near the addr 00 Ea itol St NE,

summaries

arcup oak (Quercus lyrata) located opposite 602 Independence
SE. It's in good condition with a diameter at breast height (DBH)
of 43 inches.

- Improve Understanding =l T

O et cnt s

Ada Dataset o Mao - a

- Constrained to authoritative sources

lopendata.dc.gov/datasets/parking:violations-issued-in-february:

how many ATE cameras are in DC?

- Connects to live Feature Services,
Geocoder, other services

[oor—— -
There are 129 Automated Traffic Enforcement (ATE) cameras in

Washington, DC. You can find more information about this dataset at
https://opendata.dc.gov/datas tomated-traffic-enforcement.

Embedded Chat Component
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Future of Data Strategy for Decision o’
Making " o

44 .
Data Science and Al”

Mohammad Hassan

Executive Director of Statistics and Data Science Sector

Federal Competitiveness and Statistics Centre (UAE)

DATA SCIENCE LEADERS NETWORK



UAE National Statistic Center (FCSC) initiated a task force (Future of
Data Dept and Data Maturity Index Dept) to utilize Data Science and Al
to steer digital transformation in Official Statistic

STy

Future Data}
- BIG f People, Roles Maturity
~ ! of Data Capaci y DATA ..
) DATA Department & Capacity & Security MATURITY & EF1
&Al P Building Department GOVERNANCE
Processes & Al Driven
— DATA Automation Data Quality Qo).
LN AvTics TRANSFORMATION 1
707 DATA DATA |
"> MANAGEMENT Data Daia N e B
Lifecycle Architecture =
' (| GEO y
Data
' 9 ANALYTICS OPEN
Products DATA
& Applications

IMPROVEMENT

FCSC UAE | <lnaMlig duwmaliill ¢palaiMl jSpall ﬁ
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Using Big Data to Explore Labor Market Demand
iIn UAE

Using Big data application for interactive data exploration of the UAE Labor Market Job Demand through the utilization Al tool to
collet big data across 500 online sources for job vacancy advertisement, providing real-time data to analyze and explore job
demand in time series in the UAE

Dubai - Abu Dhabi - Sharjo Jobs Weekly Trend North Emirates Jobs Weekly Trend

0

w— AbU dhatl == Duaki == Sharja — AMan == Fujoitah == Ras abKhaimah

Jobs Gender Emirates S0000 100000 10000  Z00000 250000 300000 350000 400000 450000
A i A A i ! A i S—

male Avg 957 Totak 24K 429142

5 wecontoge
' 2K Trinl €1 K v
emaie Avg 2K Tolok S1K o e
, 219 139892
S9%
~N 5%
6%

993

¥ Y T Y Y T \
100,000 150000 200000 250000 300000 350000 400000 450,000




> Card Transaction Big Data — Consumer Behavior
for Tourism Indicators

UAE and Large Retailers are in partnership to develop anonymized card transaction big data on different
economic activities to support official statistics in tourism initiatives and consumer spending behavior. LLM
analysis on consumer behaviour with retails in UAE (980 Million Card Transactions, Totalling More than AED

229 Billion from Over 5m consumer) ® Weckday ® Weekend ® Delta

150%

125%

100%

75%

Weekend

50%

25% +5

Spend Growth Different
between Weekday and

17% 9
0% o §22%

-25% =17ppt

-75%

Hypermarket / Leisure & Pharmacy & Books & Department Perfume & Building
supermarket entertainment e health SaEtacs stationery stores cosmetics Al materials

114

Government Services



> Leverage the Power of Large Language Models
(LLMs) to Enhance Official Statistic Analysis

1. Enhance Accessibility to Public Statistics:

Make UAE’s public data easily accessible to all stakeholders PTTETSITre | TR Y | e .
- . g - . o DA 000T Nowme e JOON W o U402 \.—v-vw:\'y Ao YOG AT Namr the 1NN ¢

through natural language queries and intuitive interaction. i i ————

2. Simplify Data Analysis and Visualization:
Provide tools for users to generate charts, graphs, and trends
dynamically without requiring advanced technical skills.

@ ® e : s
3. Improve Statistical Methodology Guidance: g '® . z
Offer expert-level support by embedding methodological s
manuals and best practices for accurate data usage. Ea—_ .. i
T e pragh whone Butwaes oy v b sestonds e Dheted Sroms 040 X0T
Kes limghin
4. Demonstrate Proof of Concept: : R — Bk A

Showcase how LLMs can be effectively leveraged for
statistical purposes.

o SO0 A kil Aoy i v e e COTVTES |8 o o g
Fime rrei ey yere

B T P I TR S pe—
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Geo Al for Population Census

Using Geo Al and Utility Meters (Water and Electricity) to identify the new units in
the Population and Economic Frame

Through image 5 A o + S V4 " Thr(fugh image
classification and 2 " ol ¥ 1 A d
segmentation it was
determined that 84% of

ssification

the buildings extracted
are served by residential
meters in 2017.

FCSC UAE | <lnaMlig duwmaliill ¢palaiMl jSpall ﬁ



> Train Al to recognize and Detect Palm Tree

P e -y ; ] LS T 71 s ” > g - Y i e
SRiAL S 240 P

' 52 o O - 5 EEO B
|~ Y. N v [ |
-~ L .l e,

B L Q v L. e, ¥ M T e < Survey Data

i Satellite

in view: 41,537.730
T area in view: 10,118,130.13 m?

FCSC annotate images data for @5 e 285 Rl Ak | T T g 5 R ——

T area in UAE: 851,899,838.03 m?

o . . — A . Qe 4 0 s 2 e i s £ Palms @ Y Greenery ,
training Al and train Al Office } % R ¥ 2ot o e L RN A S ————

', = { ‘ 1% - —— /I 3 AeT 5 b R b 's-in-view vs. entire UAE !
proprietary image recognition EiRSEEEEEaE B S A S L oo [ e
algorithm solution to collect and :
label satellite image data of the
UAE and to recognize tree and
measure total greenery area and

the health of the Palm Tree

FCSC UAE | <lnaMlig duwmaliill ¢palaiMl jSpall ﬂ



The use of Latest Fixed-wing Drones with Geo Al provide comprehensive statistic analysis by Al on the status of
agriculture in the UAE
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Total Farms Area (Sgm)

Using Geo Al to count all farms and analyze the health of
Palm Tree in all the farms in the UAE and saving millions of
dollars on farm survey

Trees
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Addressing strategic and cross-cutting issues relevant to Al and data
> science in economic statistic, cultural change and cross-domain data
Integration by Launching Government Data Index

The objective is changing the government data culture and collect new data from different sources through
government services and enhance the data integration with statistic system by utilizing the UAE government’s service
data to develop new insights and knowledge for decision making (From Data to Knowledge)

..........................

..........................

.........................

..............................
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» | Datainaex |

Knowledge
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The National Statistic Office launch “Data Index” as part of developing data strategy
to overcome the data integration challenge through 3 main pillars and UAE NSO will

act as “Auditor” to ensure implementation of the new data strategy

Pillar 1

Regulatory and Operational Framework for Data

Management

1.1 Governance of the Regulatory and Operational Framework for Data

Management
* 1.1.1 Policy for organizing and managing institutional data
* 1.1.2 Structuring and organizing data governance

+ 1.1.3 Data availability agreements

1.2 Detailing Institutional Data Sources
« 1.2.1 Listing data sources

+ 1.2.2 Managing and documenting metadata

Enhancing Data Quality and Protection
2.1 Ensuring Data Quality

+  2.1.1 Methodology for data quality management

2.2 Ensuring and Protecting Data Privacy
s 2.2.7 Framework for identifying and classifying data

s 2.2.2 Methodology and processes for data privacy classification

|> il g
ataindex

Data Availability and Accessibility
3.1 Data Integration and Availability

*  3.1.1 Availability of primary data

s 3.1.2 Activating electronic linkage

* 3.1.3 Periodic data sharing

3.2 Open Data
*  3.2.1 Inventory of open data sets

# 3.2.2 Preparation and publication of open data

FCSC UAE | <lnaMlig duwmaliill ¢palaiMl jSpall E
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Home | Statistics | Statistical Methods & Quality Gate

Statistical Methods and Quality Gate

|~
i =]
d— I
Methodologies Manuals & Classifications Statistical Quality

This part of the SMGQ contains the main intemational manuals on data quality, in addition to the manuals and documents on data
quality prepared by the Federal Competitiveness and statistics Authority to be used in the national statistical system in the country.
These documents will cover the surveys and the use of the administrative records.

International Quality Manuals Title Format
International Quality Evidence Collection
National Quality Manuals

Standard Series of Evidence

National F rk of istical Data Quality (NFSDQ) 2017

218 MB

Manual of Statistical Quality Standards and Procedures for Administrative
Records _

Guide to Reviewing and Auditing National Statistical Survey Data 2017

The Police Statistical Data Quality Framework .

A galasuld gl
leasylg i dliil)
TEDERAL COMPETNHTNISS
AND STATISTICS ALTHORITY

v b

NATIONAL FRAMEWORK OF STATISTICAL

DATA QUALITY (NFSDQ)

Standard Manuals Series
1SSUE 18 | 2017

Federal Authority | duslal die
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Informatica | new

Data Index solution monitor all government | = = == > EESE
data integration and data quality using s
statistic

MOHRE_OWNER_SCORE_CARD_V1 - metrics Total Cost of Invalid Data : ~* - Last Run On:Jun 27, 2024 9:08:03 PM GST;V', ﬁ.‘_-‘-'
Name Total Rows Invahid Rows Score
AUGUNAG | VSIS VLU SURIEmIN U 1 o v 1w 3
Informatica = new < ol ACCURACY_WRONG_VALUES_OWNER_CODE 1141047 3103 9073 I
ACCURACY_WRONG_VALUES_OWNER_NATIONALITY_ID_UNSD 1141047 20330 i |
Start Glos Ok Desl, ‘Scorecards by E
d et Ry e e it ACCURACY_WRONG_VALUES_OWNER_BIRTH_DATE 1141047 0 100 |
=] MOHRE_EMPLOYEE... X ACCURACY_WRONG_VALUES_OWNER_UNIFIED_NUMBER 1141047 0 100 je&— |
ACCURACY WRONG_VALUES GENDER _NAME_ARABIC 1141047 4436 %61 I
= MOHRE_EMPLOYEE_SCORE_CARD AOMADLETEMCAC A CIAS. A LLCC. or b
1 m >
Scorecard roparties
MOHRE_EMPLOYEE_SCORE_CARD - metrics Total Cost of Invalid Data : =+ - LastRun On:Jun §  Drill down:ACCURACY_WRONG_VALUES_OWNER_CODE != 'Valid' (First 100 rows only) 2 F WK
Narne Total Rows Invalid Rows Score Soore Treed Mel
/alid Rows (@ Invalid Rows
» ACCESSIBILITY_DATA_ACCH 100 I - -
s AGCURAGY_REPETITION o I ~ OWNER_CODE ~ OWNER_UNIFI... COMPANY_ID NATIONALITY_ID OWNER_EMIR. . OWNER_BIRT... GENDER_NAM.. GENDER_NAM.. DATE_TIME_KE
» ACCURACY WRONG VALUES on17 ~ 0 NULL 1229327 999999 999999 NUL A Male 202405 -
» ACCURACY_APPROVED_CLASSIFICATION wo b 0 NUL N 1237825 999999 993999 NULL K Male 202405 3
» ACCURACY_VALIDATION RULES o I - 0 Q 1267909 999999 999999 NULL £ Male 202405
COMPLETENESS MISSING VALULS 100 -
. 0 ULL 1288444 999999 999999 NULL A Male 202405
» CONSISTENCY TIME 100 -» ) o -
X AL 1509644 aoo00a AO0O60. hici s c i acaans
» CONSISTENCY WITH OTHER SOURCES 100 - / \ m >
» CONSISTENCY GEOGRAPHICAL 100 -+ ‘ d =
» COVERAGE COMPREHENSIVENESS 100 -5‘ Start e m Desn SCDTRCN Liknary
» COVERAGE_GEOSPATIAL 100 €8 Profile_NCM_Climste X
» TIMELINESS_MODERNITY 100 -»
e e e 8 Profile NCM_Climate =
. W
o 1 36 = 0 2657 02/10/2020 02:37:51 PM  ©
Drill down:
Filter By: Columns and Rules s Defaull v | [Ascending
() Valid Rowes
Columns and Rules 36 MName max Pattern Length (min ~* max Data Type @ Data Doman 8
<4 more
Columns 36 nun 5.2) (Documented)
SUN_HOURS_MIN _J 00 11.00 v 4 5 Sting(5) | 100%
9345 045 68.09 +3 more
Rules 0

number(10,2) (Documented)

1116.00 4 7 Time(HH24.mi) | 0.16%

L |_| | & L AIR_PRESS_MAX e
(- - J._LA_I 9—0 100% Null 0 . . +3 more
- number(10,2) (Documented)
c 0 I n ex 100% Distinct 0 AIR_PRESS_MEAN —: - — So 1o D00~ 10240 47 Time(HH24.mi) | 0.16%

1(10.2) (Documented)

2% C. r
100% Constant 0 AIR_PRESS_MIN (o S— 4 =7 Time(HH24 mi) | 0.16%
094 159 8T 45
+2 more
Conflicting Data Types 0 varchar2(61) (Documented)
Error: Air Pressure grealer  me—— Fired Length String(5
VALIDATION 5 — 58

025 Valid 90.66%

Inferred Data Domains 0 o 0.1 9931 L

+1 more
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_
+ Panel Discussion

How Big Data & Innovasion H%upport National Statistical Systems‘

Moderator

Mr Osama Rahman

Director of the Data Science
Campus
Office for National Statistics (UK)

Panelists

Mr Ivan Murenzi Prof. Setia Pramana

Chief Statistician — NISR Director Regional Hub

Rwanda Indonesia

Dr Babatunde

Omotosho

Ms Maria Torres Mr Marco Marini

Head
IMF Big Data Center

ENCE/IBGE — Team Lead Director — Statistics
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. Panel Discussion
)

Al and Data Science for Ecoymic Statistics in the MENA Region

. g

Moderator Panelist Panelist Panelist

Dr Ronald Jansen Ms Wafa Aboul Hosn Mr Mohammad Al Ms Elham Saleh
Ghafri

Asst Director Chief Head of Producer Price Technical Support

United Nations Economic Statistics Statistics Advisor

Statistics Division UN ESCAW NCSI Oman GCC Stat

DATA SCIENCE LEADERS NETWORK




ol
WAL NETWORKING

% ./,)\.

E\‘. DATA SCIENGE
N2 LEADERS NETWORK

DATA SCIENCE LEADERS NETWORK



o
L= I o
[m]



	Slide 1
	Slide 2
	Slide 3
	Slide 4
	Slide 5
	Slide 6
	Slide 7
	Slide 8
	Slide 9
	Slide 10
	Slide 11
	Slide 12
	Slide 13
	Slide 14
	Slide 15: Global Digital Compact
	Slide 16
	Slide 17
	Slide 18
	Slide 19
	Slide 20: Digital intermediary platforms
	Slide 21
	Slide 22: Industries (‘who’)
	Slide 23: Example: Canada - Industries
	Slide 24
	Slide 25: Data Governance across systems: exploring strategies for official statistics
	Slide 26
	Slide 27
	Slide 28
	Slide 29: Statistical Commission
	Slide 30
	Slide 31
	Slide 32
	Slide 33
	Slide 34
	Slide 35
	Slide 36
	Slide 37
	Slide 38
	Slide 39
	Slide 40
	Slide 41
	Slide 42
	Slide 43: Overview
	Slide 44
	Slide 45
	Slide 46
	Slide 47: Overview
	Slide 48: Data as a service
	Slide 50: Overview
	Slide 51
	Slide 52: Overview
	Slide 53
	Slide 54
	Slide 55
	Slide 56
	Slide 57
	Slide 58: Innovation work in the Data Science Campus: Data Science and AI
	Slide 59: Creating the ONS of the Future
	Slide 60: The Three Pillars
	Slide 61: Recent applications
	Slide 62:  
	Slide 63: Somalia census support / IDP camp mapping
	Slide 64: Value Added Tax (VAT) Data
	Slide 65: Data processing: classification
	Slide 66: Preferential Tariff Utilisation Rates
	Slide 67: UK Trade Shipping
	Slide 68: Global Supply Chains with LLMs
	Slide 69:  Thank you Any questions?
	Slide 70
	Slide 71
	Slide 72
	Slide 73
	Slide 74
	Slide 75
	Slide 76
	Slide 77: THE DATASET
	Slide 78: The dataset – 3 steps to build the foundation
	Slide 79: THE MINDSET
	Slide 80: The mindset – 4 critical elements
	Slide 81: THE SKILLSET
	Slide 82: The skillset – Building teams and seeding the change 
	Slide 83
	Slide 84
	Slide 85
	Slide 86: From Maps to Metrics: How GeoAI is Redefining Statistical Insights 
	Slide 87
	Slide 88
	Slide 89: Advancing Spatial Science
	Slide 90: What Is AI?
	Slide 91: Machine Learning
	Slide 92: What Can Machine Learning Do?
	Slide 93
	Slide 94: Predictive Analytics Prepare Data, Make Predictions, Find Correlations, Understand Top Variables, and More
	Slide 95: Anomaly Detection Spatial, Temporal, and Spatiotemporal Outliers
	Slide 96: Deep Learning
	Slide 97: Object Detection, Pixel Classification, Object Classification, Tracking, and More
	Slide 98
	Slide 99: Persistent Change Detection
	Slide 100: Predicting Urban Growth
	Slide 101: Generative AI
	Slide 102
	Slide 103
	Slide 104: Automatic translation
	Slide 105
	Slide 106
	Slide 107: Use Case: Civic Information
	Slide 108
	Slide 109: Copyright © 2025 Esri. All rights reserved.
	Slide 110
	Slide 111
	Slide 112
	Slide 113
	Slide 114
	Slide 115
	Slide 116
	Slide 117
	Slide 118
	Slide 119
	Slide 120
	Slide 121
	Slide 122
	Slide 123
	Slide 124
	Slide 125
	Slide 126
	Slide 127
	Slide 128
	Slide 129
	Slide 130
	Slide 131
	Slide 132
	Slide 133
	Slide 134

